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ChatGPT Articles/Papers from 2023

+ “ChatGPT Robs Students of Motivation to Think, Write for
Themselves” (Chicago Sun Times)

« “ChatGPT is a Plague (E%) Upon Education” (Inside Higher
Education)

« “Chatting and Cheating (1> = > %). Ensuring Academic
Integrity in the Era of ChatGPT” (Innov. in Educ. Teaching Int’l)

- “Don’t Ban (Z 1t L L) Chatbots in Classrooms — Use Them to
Change How We Teach” (Los Angeles Times)

- “Don’t Ban ChatGPT in Schools. Teach with It” (New York Times)

+ “Why You Should Rethink Your Resistance to ChatGPT”
(Chronicle of Higher Education)
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1.3 ChatGPT for Programming Classes

- TOTSI VI EEHBET ChatGPT 2FAHT 2 AEICDOVWTO
WL DD DIRES H % (ffl: SAS, R, Python, ...)

Programming Recommendations
1.31 Explain Code (5%8R)

1.3.2 Comment Code (3 4> I)
1.3.3 Debug Code (7 /3 %)

~h DA

1.3.4, Convert Code (Z#z)
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2. Examples from Other Universities
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24 Assess Clarity of Teaching Materials Written in Markup Language
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24 Assess Content Clarity: LaTeX (Z 7 7 /> 7 v V) Example

L&) v TyEnt LaTex O— K

A student plans to break a 1-meter long stick randomly into three pieces. She is curious about the probability that the three pieces will
form a triangle. Notations: Let X be the length of the first piece and Y be the length of the second piece. Note thatX > o,Y > oand
X+ Y < 1. The condition that X and Y need to satisfy in order to have a triangle. The triangle inequality principle states the sum of the
lengths of any two sides is greater than the length of the remaining side. This means X and Y must satisfyo < X < 1/2,0 < Y < 1/2,
and1/2 < X+ Y < 1. Randomly. The student is not quite sure how to “randomly” break the stick to into pieces. She is considering two
ways which will be detailed in the questions. To compute the probability, answer each of the following questions.

1. Sketch the support of X and Y based on the constraints: X + ¥ < 1,0 < X < f,ando < Y < 1.

2. Inthe first way (Way 1) of “randomly” breaking the stick into two pieces, the joint distribution of X and Y is uniform on the
support. Verify that f(x, y) = 2foro < x < 1,0 < y < 1,andx + y < 1is an appropriate pdf.

3. Shade the region that the three pieces can form a triangle and use the plot to show why the probability is 1/4.

4. Now consider the second way (Way 2) of randomly breaking the stick. The student first takes a piece of length X with

X ~ Uniform(o, 1). She then takes a piece randomly from the remaining piece, i.e., Y|X ~ Uniform(o, 1 — X). Based on this
information, show that the joint pdf is

1
fx,y) = —
whereo < x < 1,0 <y < tandx+y < 1.
5. Verify that the pdf in (d) is appropriate.
6. Based on (d), find the probability that the three pieces form a triangle. Hint: W = — ﬁ

25
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LaTeX V—X - O— KR

LaTeX (3577/2Fv %) Code

A student plans to break a 1-meter long stick randomly into three pieces. She is curious about
the probability that the three pieces will form a triangle. \underline{Notations}: Let $X$ be
the length of the first piece and $Y$ be the length of the second piece. Note that $X>0%, $Y>0%
and $X+Y<1$. \underline{The condition that $X$ and $Y$ need to satisfy in order to have a
triangle}. The triangle inequality principle states the sum of the lengths of any two sides is
greater than the length of the remaining side. This means $X$ and $Y$ must satisfy $0<X<1/2$,
$0<v<1/2$, and $1/2<X+Y<1$. \underline{Randomly}. The student is not quite sure how to
“‘randomly'' break the stick to into pieces. She is considering two ways which will be detailed
in the questions. To compute the probability, answer each of the following questions.

\begin{enumerate}

\item Sketch the support of $X$ and $Y$ based on the constraints: $X+Y<1$, $0<X<1$, and $0<Y<1$.
\item In the first way (Way 1) of *“randomly'' breaking the stick into two pieces, the joint
distribution of $X$ and $Y$ is uniform on the support. Verify that $f(x,y)=2$ for $0<x<1$,
$0<y<1$, and $x+y<1$ is an appropriate pdf.

\item Shade the region that the three pieces can form a triangle and use the plot to show why
the probability is 1/4.

\item Now consider the second way (Way 2) of randomly breaking the stick. The student first
takes a piece of length $X$ with $X\sim Uniform(0,1)$. She then takes a piece randomly from the
remaining piece, i.e., $Y[X\sim Uniform(0,1-X)$. Based on this information, show that the joint
pdf is $3f(x,y)=\frac{1}{1-x}$$ where $0<x<1, O<y<1$ and $x+y<1$.

\item Verify that the pdf in (d) is appropriate.

\item Based on (d), find the probability that the three pieces form a triangle. Hint:

$\frac{d 1n(1-x)}{dx}=-\frac{1}{1-x}$.

\end{enumerate}
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LaTeX V—X - O— KR

LaTeX (3577/2Fv %) Code

A student plans to break a 1-meter long stick randomly into three pieces. She is curious about
the probability that the three pieces will form a triangle. \underline{Notations}: Let $X$ be
the length of the first piece and $Y$ be the length of the second piece. Note that $X>0%, $Y>0%
and $X+Y<1$. \underline{The condition that $X$ and $Y$ need to satisfy in order to have a
triangle}. The triangle inequality principl;tatesﬁe sum of the lengths of any two sides is
greater than the length of the remaining side. This means $X$ and $Y$ must satisfy $0<X<1/2$,
$0<Y<1/2$, and $1/2<X+Y<1$. \underline{Randomly}. The student is not quite sure how to
“‘randomly'' break the stick to into pieces. She is considering two ways which will be detailed
in the questions. To compute the probability, answer each of the following questions.

\begin{enumerate}

\item Sketch the support of $X$ and $Y$ based on the constraints: $X+Y¥<1$, $0<X<1$, and $0<Y<1$.
\item In the first way (Way 1) of “randomly'' breaking the stick into two pieces, the joint
distribution of $X$ and $V$ is uniform on the support. Verify that $f(x,y)=2$ for $0<x<1$,
$0<y<1$, and $x+y<1$ is an appropriate pdf.

\item Shade the region that the three pieces can form a triangle and use the plot to show why
the probability is 1/4.

\item Now consider the second way (Way 2) of randomly breaking the stick. The student first
takes a piece of length $X$ with $X\sim Uniform(0,1)$. She then takes a piece randomly from the
remaining piece, i.e., $YIX\sim Uniform(0,1-X)$. Based on this information, show that the joint
pdf is $$f(x,y)=\frac{1}{1-x}$$ where $0<x<1, 0<y<1$ and $x+y<1$.

\item Verify that the pdf in (d) is appropriate.

\item Based on (d), find the probability that the three pieces form a triangle. Hint:

$\frac{d n(1-x)}{dx}=-\frac{1}{1-x}$.

\end{enumerate}
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21 Assess Content Clarity: LaTeX (7 7 /57 v 7) Example

ChatGPT 7OV 7 b: TEFOREABRAE S ALY kLT
[S5T77]25TvY -A—R&EE2TZZICAA]L

ChatGPT IC & % 4 RX:
The text is generally clear but could benefit from a few adjustments for clarity and readability. Here are
my suggestions: ()=~ (2~~~ @)=~ (W)= (5}~ (6)-~ (7}~~ (&)~~~ (9)~-= (10}~~~

[10 TOTAL SUGGESTIONS]
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21 Assess Content Clarity: LaTeX (7 7 /57 v 7) Example

ChatGPT 7OV 7 b: TEFOREABRAE S ALY kLT
[S5T77]25TvY -A—R&EE2TZZICAA]L

ChatGPT IC & % 4 RX:
The text is generally clear but could benefit from a few adjustments for clarity and readability. Here are
my suggestions: ()=~ (2~~~ @)=~ (W)= (5}~ (6)-~ (7}~~ (&)~~~ (9)~-= (10}~~~

[10 TOTAL SUGGESTIONS]
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ERASR-1N

2.2 Create (1’EE}?) Teaching Materials Written in Markup Language
(=207 v TEHE

HL
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2.2 Create Lecture Notes in Markdown (¥ —2 4 7 ) ’ Univ. of Minnesota

ChatGPT 7H> 7 h: TOYRF 4 v alﬁiﬂ%%?)bﬁc:&ﬁté#%v&)bm
J—2FD#EZ/ — % Markdown TYER L T

ChatGPT IC & % & R%: Markdown H

ChatGPT

# Lecture Notes on Logistic Regression Model Equation

## Overview of Logistic Regression

Logistic Regression is a statistical method used for binary classification. It predicts the

probability of a binary outcome (1/0, Yes/No, True/False) based on one or more independent variables.
1

### Prediction

T python

# Predicting with the logistic regression model
predictions = result.predict(sm.add_constant(X_new))

## Conclusion
Logistic Regression is a powerful tool for binary classification problems,
offering interpretable results and requiring relatively simple assumptions.
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2.2 Create Lecture Notes in Markdown (¥ —2 ' V) ] Univ. of Minnesota

L4 v &N Markdown O3— K (1 0f 2)

Lecture Notes on Logistic Regression Model Equation

Overview of Logistic Regression

Logistic Regression is a statistical method used for binary classification. It predicts the probability of a binary outcome (1/0, Yes/No,

True/False) based on one or more independent variables.

The Logistic Regression Equation

The logistic regression equation is given by:
PY =1) =1/(1 + e (Bo + BiX1 + foXo + ... + BuXn))

Where:

« P(Y = 1)isthe probability that the dependent variable equals 1
« eis the base of the natural logarithm
« [ is the intercept

« P, B2, ..., Bn are the coefficients of the independent variables X1, X2, ..., X5
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2.2 Create Lecture Notes in Markdown (¥ —2 ' V) ] Univ. of Minnesota

L4 v ENni Markdown O— R (2 of 2)

Model Fitting

import statsmodels.api as sm

# Assuming X and Y are defined

logit_model = sm.Logit(Y, sm.add_constant(X))

result = logit_model.fit()

print(result.summary())

Prediction

# Predicting with the logistic regression model

predictions = result.predict(sm.add_constant(X_new))

Conclusion

Logistic Regression is a powerful tool for binary classification problems, offering interpretable results and requiring relatively simple

assumptions.
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2.3 Homework Assignment Using ChatGPT Elon University

- BEME/ N1 7 X DREE (Automation bias problem)

E@mﬂ4ﬁxtu Aﬁ#ﬁ%myZTALﬂkaT
?é{tﬁr‘jw‘_t‘c ##t_§§ﬂ1ls7b\71'mé‘cimt) ,hot

Thttps://jbpress.ismedia.jp/articles/-/75691
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2.3 Homework Assignment Using ChatGPT Elon University

- BEME/ N1 7 X DREE (Automation bias problem)

- BEMENATREE Aﬁ#ﬁ%myZTALﬂkaT
'é'%)fbﬁl"]@n_ & T, 'ﬁk%iﬂﬂzh\ﬁ_xé’cﬁvt Y. ‘,:lo 7=
?E%’é’:?’éi% ICIZ—ICDRNZHRENELDH S,

« ChatGPT OHANE L < 7R WAIEEMEAH B (incorrect output)

ER SRS

. U\Fsﬁwﬂ“’b\%v EEM:/\% 7zt;t§§ 7]’(%6
i&mmﬁwr@%t# &afﬂ#é&%%ﬁ%tu1

Thttps://jbpress.ismedia.jp/articles/-/75691
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2.3 Homework Assignment Using ChatGPT

- BEMbL/ N1 7 R DRERE (Automation bias problem)

L BELSA FRER. ABSEBIEY R AICBEKE
JREADI LT, BICEBENTRETH Y, Rok
REATBHEICTI IO ZARENELH S,

« ChatGPT OHANE L < 7R WAIEEMEAH B (incorrect output)

ER SRS

U\Fsﬁwﬂub\%o EEM:/\% 7zt;t§§ 7]’(%6
immmﬁwr@%t# &afﬂ#é&%%ﬂ%tu1

IKh LE

c BEERIIOBBEERHL TWBH iﬁtiﬂi%ﬂ "b

W HA KA LE

CRERHEFEEELLT COMEZLERICRH L I2LELH D

Thttps://jbpress.ismedia.jp/articles/-/75691
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2.3 Homework Assignment Using ChatGPT Elon University: K. Doehler

LYs>

& #}: Doehler EEDBET 71 )L

W &S TWELS

* ChatGPT A'IE L WEEB ZIRETERVLWW OHIDOBBEEET
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2.4, Homework/Exam Questions - Challenges

- ¥H513 Y HERDRIRE (Problem with take home exams)

L& oLy

+ ChatGPT |3 FRIGEERE E T 5
+ Frieder et al. (2023), “Mathematical Capabilities of ChatGPT”

o Bl BEEHEETD -V 5 X (Mathematical statistics class)

CEBIRY SR TSN, BEEICEIESALE
. 8% HEEE ChatGPT AEELRROERNIC X > B2 20 %
FrvotBRENDHD
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