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ChatGPT Articles/Papers from 2023

+ “ChatGPT Robs Students of Motivation to Think, Write for
Themselves” (Chicago Sun Times)

+ “ChatGPT is a Plague (%) Upon Education” (Inside Higher
Education)

« “Chatting and Cheating (1>~ = > %). Ensuring Academic
Integrity in the Era of ChatGPT” (Innov. in Educ. Teaching Int’l)

« “Don’t Ban (Z1E L 2 \LM) Chatbots in Classrooms - Use Them to
Change How We Teach” (Los Angeles Times)

- “Don’t Ban ChatGPT in Schools. Teach with It” (New York Times)

+ “Why You Should Rethink Your Resistance to ChatGPT”
(Chronicle of Higher Education)
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« CSU Monterey Bay, CSU Northridge, UC Berkeley, UC Irvine,
Duke Univ., Elon Univ., lowa State Univ., Univ. of Minnesota,
Univ. Nebraska-Lincoln, San Jose State Univ,, Villanova Univ.,
Univ. of Virginia
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1.2 Creating Teaching Materials: Recursive Process E. Robinson
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1.2 Creating Teachmg Materials: Recursive Process E. Robinson
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1.3 ChatGPT for Programming Classes

« TOYSIVIEEHB T ChatGPT A FHET 5 AERICDVLTO
WL DDDIREE H B (f: SAS, R, Python, ...)

Programming Recommendations
1.31 Explain Code (5%B8)

1.3.2 Comment Code (A X >~ )
1.3.3 Debug Code (F/3v %)

~A DA

1.3.4 Convert Code (Z=#2)
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1.31 Explain Code (I — K D %ER)

d— KD B (Purpose of code)

1. Examples from Cal Poly

[y—x-3—F
IC20T
HEL Ty
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RE -

ChatGPT

|
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/
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Y=X+3—F
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1.31 Explain Code (I — K D %ER)

—R S ry—x-3—F
d— KD B (Purpose of code) e Yoz
HEL Ty

* Helpful for students new to coding g /)
(AFIL L) M~

 Helpful for team programming ;?; ‘i)_
(9—'—L\ . 7u|:| 75 I ‘/7) :___, ChatGPT

+ Helpful when revisiting old code Hjlﬁ
(FWI—RERETH) y

« Used by instructors in assignments V—SE;!%—F
(BREE LTLLfEDND)
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1.3.2 Comment Code (I— KD XV ) ‘

XY hEANS  (Adding comments)
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1.3.2 Comment Code (I— KD XV ) ‘

XY hEANS

(Adding comments)

1. Examples from Cal Poly

rYy—x-3—F
ICOX> %
ANTy

(S

AR

Y—X+3d—F

/

AR

19



ChatGPT in Statistics & Data Science Education 1. Examples from Cal Poly

1.3.2 Comment Code (I— KD XV ) ‘

. ry—x.+3—F
XY hEANS  (Adding comments) /:izgcwf Y—Z-a—F
J

» Helpful for students new to coding \7\73 )\73/
(AFIL~RIL)

+ Helpful when revisiting old code yg@ :>-
(HWI— RERETH)

« Iteration (;X7€) may not be needed Hﬁf

« Used by instructors in assignments e
(BEELTELLEHLND) Y=2 3=k

19
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1.3.3 Debug Code (/3w & - J—R)

I>—0DHFR (Finding errors)
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1.3.3 Debug Code (/3w & - J—R)

IZ>—D%R (Finding errors) é;/‘\fﬁ—z;f Y2 e A=k

(S

AR AR

RE -

ChatGPT

|
vy

y

TNy IINT
Y—2-3-F
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1.3.3 Debug Code (/3w & - J—R)

IS—DFKE (Finding errors) é;/_\fﬁ-z;f =23k

» Helpful for students new to coding \7\73 )\73/
(AFIL~IL)

 Helpful when Version Control ;iv@ >

nAY { . ChatGPT

(/\—< 3 V&) not available |

+ Iteration (/X 8) may not be needed ﬁf

+ Used by instructors in assignments FRwIENT
(BBEELTLLEHLNDB) Y—2Z+a—F

20
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~h DA

1.3.4 Convert Code (O — RZTi)

BIDEEEICZH (Convert language)

21
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1.3.4 Convert Code (O — RZTi)

~h DA

FA

BIDEFEICEH: (Convert language)

1. Examples

ry—x.J—F
% Python/C Y—=Z+3—F
BHL T
\~ AF AF -
v
k& >+
:_ B _: ChatGPT
|
Hﬁf)

PythonlcZE#R I hic
Y= +3d—F

21
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~h DA

1.3.4 Convert Code (O — RZTi)

ry—x-3—F
lﬁ,zl' = \/— . -k
B D EEIZZH (Convert language) A A=k
& /
* Helpful when learning a new AR o
language (FFILW7OY SV ERE ¥
» Example: Convert R code to Python ’i;(g :P ChatGPT
code (f5l: R A& Python IZZ#:) o |
Hh
+ lteration (;R1€) may not be needed i
- Used by instructors in assignments Pyt‘;non;'.szﬁéﬂrc
(BEE LT EDNS) -

21
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2. Examples from Other Universities

s LTFORENS T4 — RN U =ZlT
« CSU Monterey Bay, CSU Northridge, UC Berkeley, UC Irvine,
Duke Univ., Elon Univ., lowa State Univ., Univ. of Minnesota,

Univ. Nebraska-Lincoln, San Jose State Univ., Villanova Univ.,
Univ. of Virginia

W HA

c W DHDKRENS DIREEBNT

22
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2.1 Assess Clarlty of Teaching Materials Written in Markup Language
/»
(7 97w TE = Dl:l)

cHEERY— I TV TERETHEMEERT 2EZ0'H 2

« HTML

« XML, MathML

s LaTeX (277157 v 7)

« Markdown (¥ —% 472 >/), RMarkdown

23
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2.1 Assess Clarlty of Teaching Materials Written in Markup Language
/»
(7 97w TE = Dl:l)

s WEEIIY—VT Y TEBTHEMEERT 2EL’H S
« HTML
« XML, MathML
s LaTeX (277157 v 7)
« Markdown (¥ —% 472 >/), RMarkdown
« ChatGPT I&, ¥ — 20 7 v %Eﬁ'cib\ntﬁm‘%ﬁﬁu

B MY

BRNESI DN FTVITES
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2. Examples from Other Universities

2.1 Assess Clarlty of Teaching Materials Written in Markup Language
/»
(7 97w TE = Dl:l)

s WEEIIY—VT Y TEBTHEMEERT 2EL’H S
« HTML
« XML, MathML
s LaTeX (277157 v 7)
« Markdown (¥ —% 472 >/), RMarkdown

. ChatGPT i, ¥ — 47 v TEETEONLAMESH L.
BN ESNF v I TES
« RDFI:  LaTeX TEHINLEEZ/ — OO
(UC Irvine)

23
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241 Assess Content Clarity: LaTeX (Z 7 7 /27 v 7 ) Example

L&) v yEni LaTeXx 3—K

A student plans to break a 1-meter long stick randomly into three pieces. She is curious about the probability that the three pieces will
form a triangle. Notations: Let X be the length of the first piece and Y be the length of the second piece. Note thatX > o, Y > oand
X + Y < 1. The condition that X and Y need to satisfy in order to have a triangle. The triangle inequality principle states the sum of the
lengths of any two sides is greater than the length of the remaining side. This means X and Y must satisfyo < X < 1/2,0 <Y < 1/2,
and1/2 < X+ Y < 1. Randomly. The student is not quite sure how to “randomly” break the stick to into pieces. She is considering two
ways which will be detailed in the questions. To compute the probability, answer each of the following questions.

1. Sketch the support of X and Y based on the constraints: X + Y < 1,0 < X < 1,ando < Y < 1.

2. Inthe first way (Way 1) of “randomly” breaking the stick into two pieces, the joint distribution of X and Y is uniform on the
support. Verify that f(x, y) = 2foro < x < 1,0 < y < 1,andx + y < 1is an appropriate pdf.

3. Shade the region that the three pieces can form a triangle and use the plot to show why the probability is 1/4.

4. Now consider the second way (Way 2) of randomly breaking the stick. The student first takes a piece of length X with
X ~ Uniform(o, 1). She then takes a piece randomly from the remaining piece, i.e., Y|X ~ Uniform(o, 1 — X). Based on this

information, show that the joint pdf is
1

fix,y) =

1—x
whereo < x < 1,0 <y < tandx+y < 1
5. Verify that the pdf in (d) is appropriate.

din(i1—x) _ 1
Tdx T T

6. Based on (d), find the probability that the three pieces form a triangle. Hint: =

24
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LaTeX V—X - O— KR

LaTeX (3577/2Fv %) Code

A student plans to break a 1-meter long stick randomly into three pieces. She is curious about
the probability that the three pieces will form a triangle. \underline{Notations}: Let $X$ be
the length of the first piece and $Y$ be the length of the second piece. Note that $X>0%, $Y>0%
and $X+Y<1$. \underline{The condition that $X$ and $Y$ need to satisfy in order to have a
triangle}. The triangle inequality principle states the sum of the lengths of any two sides is
greater than the length of the remaining side. This means $X$ and $Y$ must satisfy $0<X<1/2$,
$0<v<1/2$, and $1/2<X+Y<1$. \underline{Randomly}. The student is not quite sure how to
“‘randomly'' break the stick to into pieces. She is considering two ways which will be detailed
in the questions. To compute the probability, answer each of the following questions.

\begin{enumerate}

\item Sketch the support of $X$ and $Y$ based on the constraints: $X+Y<1$, $0<X<1$, and $0<Y<1$.
\item In the first way (Way 1) of *“randomly'' breaking the stick into two pieces, the joint
distribution of $X$ and $Y$ is uniform on the support. Verify that $f(x,y)=2$ for $0<x<1$,
$0<y<1$, and $x+y<1$ is an appropriate pdf.

\item Shade the region that the three pieces can form a triangle and use the plot to show why
the probability is 1/4.

\item Now consider the second way (Way 2) of randomly breaking the stick. The student first
takes a piece of length $X$ with $X\sim Uniform(0,1)$. She then takes a piece randomly from the
remaining piece, i.e., $Y[X\sim Uniform(0,1-X)$. Based on this information, show that the joint
pdf is $3f(x,y)=\frac{1}{1-x}$$ where $0<x<1, O<y<1$ and $x+y<1$.

\item Verify that the pdf in (d) is appropriate.

\item Based on (d), find the probability that the three pieces form a triangle. Hint:

$\frac{d 1n(1-x)}{dx}=-\frac{1}{1-x}$.

\end{enumerate}

25
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LaTeX V—X - O— KR

LaTeX (3577/2Fv %) Code

A student plans to break a 1-meter long stick randomly into three pieces. She is curious about
the probability that the three pieces will form a triangle. \underline{Notations}: Let $X$ be
the length of the first piece and $Y$ be the length of the second piece. Note that $X>0%, $Y>0%
and $X+Y<1$. \underline{The condition that $X$ and $Y$ need to satisfy in order to have a
triangle}. The triangle inequality principl;tatesﬁe sum of the lengths of any two sides is
greater than the length of the remaining side. This means $X$ and $Y$ must satisfy $0<X<1/2$,
$0<Y<1/2$, and $1/2<X+Y<1$. \underline{Randomly}. The student is not quite sure how to
“‘randomly'' break the stick to into pieces. She is considering two ways which will be detailed
in the questions. To compute the probability, answer each of the following questions.

\begin{enumerate}

\item Sketch the support of $X$ and $Y$ based on the constraints: $X+Y¥<1$, $0<X<1$, and $0<Y<1$.
\item In the first way (Way 1) of “randomly'' breaking the stick into two pieces, the joint
distribution of $X$ and $V$ is uniform on the support. Verify that $f(x,y)=2$ for $0<x<1$,
$0<y<1$, and $x+y<1$ is an appropriate pdf.

\item Shade the region that the three pieces can form a triangle and use the plot to show why
the probability is 1/4.

\item Now consider the second way (Way 2) of randomly breaking the stick. The student first
takes a piece of length $X$ with $X\sim Uniform(0,1)$. She then takes a piece randomly from the
remaining piece, i.e., $YIX\sim Uniform(0,1-X)$. Based on this information, show that the joint
pdf is $$f(x,y)=\frac{1}{1-x}$$ where $0<x<1, 0<y<1$ and $x+y<1$.

\item Verify that the pdf in (d) is appropriate.

\item Based on (d), find the probability that the three pieces form a triangle. Hint:

$\frac{d n(1-x)}{dx}=-\frac{1}{1-x}$.

\end{enumerate}
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21 Assess Content Clarity: LaTeX (7 7 /57 v 7) Example

ChatGPT 7OV 7 b: TEFOREABRAE S ALY kLT
[S5T77]25TvY -A—R&EE2TZZICAA]L

ChatGPT IC & % 4 RX:
The text is generally clear but could benefit from a few adjustments for clarity and readability. Here are
my suggestions: ()=~ (2~~~ @)=~ (W)= (5}~ (6)-~ (7}~~ (&)~~~ (9)~-= (10}~~~

[10 TOTAL SUGGESTIONS]
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21 Assess Content Clarity: LaTeX (7 7 /57 v 7) Example

ChatGPT 7OV 7 b: TEFOREABRAE S ALY kLT
[S5T77]25TvY -A—R&EE2TZZICAA]L

ChatGPT IC & % 4 RX:
The text is generally clear but could benefit from a few adjustments for clarity and readability. Here are
my suggestions: ()=~ (2~~~ @)=~ (W)= (5}~ (6)-~ (7}~~ (&)~~~ (9)~-= (10}~~~

[10 TOTAL SUGGESTIONS]

bR,
T FOREN

FHEHESH — AR © IR i
XS LT chaccer ¥
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X%

2.2 Create (YFRX) Teaching Materials Written in Markup Language
(7 JT Y 7°|:| :u:u)

* ChatGPT i3, ¥—7 7y TEETENINIBME DL,
BRADESINF TV ITES
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X%

2.2 Create (YFRX) Teaching Materials Written in Markup Language
(7 =57 70 =5 :u:u)

* ChatGPT i3, ¥—7 7y TEETENINIBME DL,
BRADESINF TV ITES

« ChatGPT E¥— 0 7 v TERBTEMNLEMEER 52 &%
TZ3
« HTML, XML, ..., LaTeX, Markdown (¥ — % 4" 2 >/), RMarkdown
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X%

2.2 Create (YFRX) Teaching Materials Written in Markup Language
(7 =57 70 =5 :u:u)

* ChatGPT i3, ¥—7 7y TEETENINIBME DL,
BRADESINF TV ITES

« ChatGPT E¥— 0 7 v TERBTEMNLEMEER 52 &%
TZ3
« HTML, XML, ..., LaTeX, Markdown (¥ — % 4" 2 >/), RMarkdown

« RDF:  Markdown TEMN7izEER/ — b DIER
(University of Minnesota)
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2.2 Create Lecture Notes in Markdown (¥ —2 ' V) ] Univ. of Minnesota

ChatGPT 70> 7 b: TOYAF 1 v JEREFNRICHET 5RFL AL
J—22FEDEZE/ — b % Markdown THER L T J
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2.2 Create Lecture Notes in Markdown (¥ —2 4 7 ) ’ Univ. of Minnesota

ChatGPT 7H> 7 h: TOYRF 4 v alﬁiﬂ%%?)bﬁc:&ﬁté#%v&)bm
J—2FD#EZ/ — % Markdown TYER L T

ChatGPT IC & % & R%: Markdown H

ChatGPT

# Lecture Notes on Logistic Regression Model Equation

## Overview of Logistic Regression

Logistic Regression is a statistical method used for binary classification. It predicts the

probability of a binary outcome (1/0, Yes/No, True/False) based on one or more independent variables.
1

### Prediction

T python

# Predicting with the logistic regression model
predictions = result.predict(sm.add_constant(X_new))

## Conclusion
Logistic Regression is a powerful tool for binary classification problems,
offering interpretable results and requiring relatively simple assumptions.
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2.2 Create Lecture Notes in Markdown (¥ —2 ' V) ] Univ. of Minnesota

L4 v &N Markdown O3— K (1 0f 2)

Lecture Notes on Logistic Regression Model Equation

Overview of Logistic Regression

Logistic Regression is a statistical method used for binary It predicts the probability of a binary outcome (1/0, Yes/No,

True/False) based on one or more independent variables.

The Logistic Regression Equation

‘The logistic regression equation is given by:

P(Y=1) = 1/ (1 + er-(RO + BIXL + B2X2 + ... + RnXn))

‘Where:

« P(Y=1) is the probability that the dependent variable equals 1
« e isthe base of the natural logarithm
+ Bo is the intercept

« B2, B2, ..., Bn arethe coefficients of the independent variables X1, X2, ..., Xn
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2.2 Create Lecture Notes in Markdown (¥ —2 ' V) ] Univ. of Minnesota

L4 v ENni Markdown O— R (2 of 2)

Model Fitting

import statsmodels.api as sm

# Assuming X and Y are defined

logit_model = sm.Logit(Y, sm.add_constant(X))

result = logit_model.fit()

print(result. summary())

Prediction

# Predicting with the logistic regression model

predictions = result.predict(sm.add_constant(X_new))

Conclusion

Logistic Regression is a powerful tool for binary classification problems, offering interpretable results and requiring relatively simple

assumptions.
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2.3 Homework Assignment Using ChatGPT Elon University

- BEME/NA 7 R DORERE (Automation bias problem)

c E§331|:{\'f'71<‘:tat AF??!J‘E?)HI:,/ZTL\I;;EF;LJKT
JRERD I & T, ’ﬁL_EEM:.?b‘T:mé’C%oL DR :',—P%’J e
3‘;5%7&3'%) BICIS—ICDAN DAL H S,

Thttps://jbpress.ismedia.jp/articles/-/75691
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2.3 Homework Assignment Using ChatGPT Elon University

- BEME/NA 7 R DORERE (Automation bias problem)

Eﬁﬂ1l§{\'f'72<‘:ti AF??!J‘E?)HI:/ZTL\LJEF;LJKT
T‘éﬂﬁr’]@; & T, 'ﬁh_EEMt?b‘T:rcé’C%jt")\ 3,5&07'1_
?E%’&T%)i% ICTS—ICDRNZHAREELDH S,

« ChatGPT OH AN IE L < 72 WA BEMEA P % (incorrect output)

R R Y

- TABIDR AR D BEN B/ 7 RSB ATH %,
'_iLﬁSZN (=8 @&J'c@?%f:“b*\ RoTHDBEBEBEL ]

Thttps://jbpress.ismedia.jp/articles/-/75691

32



ChatGPT in Statistics & Data Science Education 2. Examples from Other Universities

2.3 Homework Assignment Using ChatGPT Elon University

- BEME/NA 7 R DORERE (Automation bias problem)

Eiﬂ1l§{\'f'72<‘:ti AF??!J‘E?MI:,/ZTL\LJ&F;LJKT
T‘éﬂﬁr’]@; & T, 'ﬁh_EEMt?b\T:rcé’C%Oﬁ_")\ 3,5&07'1_
?E%’&T%)i% ICTS—ICDRNZHAREELDH S,

« ChatGPT OH AN IE L < 72 WA BEMEA P % (incorrect output)

R R Y

- TABIDR AR D BEN B/ 7 RSB ATH %,
HEFRAI IE @br@%f:“b‘\ RoOTHDDBEBEBEL. ]

KA LE

CHEEECONEEREL TLBA Eﬁm%ﬁﬁ

W HA

cREHEELLT, 7_@F:ﬁ%ﬁ%‘:iﬁt:;ﬂﬁkéﬁé%%b‘%é

Thttps://jbpress.ismedia.jp/articles/-/75691
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2.3 Homework Assignment Using ChatGPT Elon University: K. Doehler

L Y&

& #}: Doehler BEDTEET 7 1)L

&S TwEsD

* ChatGPT A'IE L WERB A IRETELAVW DI DBEEAHT
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2.3 Homework Assignment Using ChatGPT Elon University: K. Doehler

L Y&

& #}: Doehler BEDTEET 7 1)L

&S TwEsD

* ChatGPT A'IE L WERB A IRETELAVW DI DBEEAHT
« BREBEICDWT, EED..

33



ChatGPT in Statistics & Data Science Education 2. Examples from Other Universities

2.3 Homework Assignment Using ChatGPT Elon University: K. Doehler

L Y&

& #}: Doehler BEDTEET 7 1)L

rES TwEES

* ChatGPT A'IE L WERB A IRETELAVW DI DBEEAHT
« BREEICDOWVWT, ER/ED..
« ChatGPT #f#i> TRIBEDME 2Rt 3
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2.3 Homework Assignment Using ChatGPT Elon University: K. Doehler

L Y&

& #}: Doehler BEDTEET 7 1)L

&S TwEsD

* ChatGPT A'IE L WERB A IRETELAVW DI DBEEAHT
« BREBEICDWT, EED..

« ChatGPT 2> THIEDHEEZ R IE 3
c FLWREEHRENSTIERTS
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2.3 Homework Assignment Using ChatGPT Elon University: K. Doehler

L Y&

& #}: Doehler BEDTEET 7 1)L

rES TwEES

¢ ChatGPT A'IE L WAEEZRETEAVW OADOBEEHT
 BEBICDOWT, ER/EM..
+ ChatGPT Zffi> CTHEIEDHEE =R E 2
c ELWBEEZRENST I ERTS
-Cme@%KtEbbﬁK%&@LTJX [N )

« ChatGPT AEL K fT27/2Z &ICDWTaAX VY M B
+ ChatGPT A&7 &ICDWTaAX VY MNT B
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2.3 Homework Assignment Using ChatGPT Elon University: K. Doehler

L Y&

& #}: Doehler BEDTEET 7 1)L

&S TwEsD

¢ ChatGPT A'IE L WAEEZRETEAVW OADOBEEHT
 BEBICDOWT, ER/EM..
« ChatGPT %> CTRIBEDBRE#IRESE2
c ELWBEEZRENST I ERTS
-Cme@%KtEbwﬁK%&@LTJX [N )

« ChatGPT AEL K fT27/2Z &ICDWTaAX VY M B
+ ChatGPT A&7 &ICDWTaAX VY MNT B

"o ED H> TA

SEEID A Y v b £fEIE ChatGPT %@ﬂ%?‘%ﬂﬁtkﬁ%fiﬁgféé
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2.3 Homework Assignment Using ChatGPT Elon University: K. Doehler

L Y&

& #}: Doehler BEDTEET 7 1)L

&S TwEsD

¢ ChatGPT A'IE L WAEEZRETEAVW OADOBEEHT
 BEBICDOWT, ER/EM..
« ChatGPT %> CTRIBEDBRE#IRESE2
c ELWBEEZRENST I ERTS
-Cme@%KtEbwﬁK%&@LTJX [N )

« ChatGPT AEL K fT27/2Z &ICDWTaAX VY M B
+ ChatGPT A&7 &ICDWTaAX VY MNT B

"o ED H> TA

SEEDOAY v b iﬁmcmmmé@%?%ﬂﬁtkﬁ%ﬁﬁtéé
COBRIHEZBETEANNTUVETA, REBESNY TV
TLEY - Fova—R-YvonsT7otR
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2.4, Homework/Exam Questions - Challenges

« BFBIFY HERDOREIRE (Problem with take home exams)

L& o

+ ChatGPT [ZEZEHIGEFAELE T 5
- Frieder et al. (2023), “Mathematical Capabilities of ChatGPT”

o Bl BIBHEETD -/ 5 X (Mathematical statistics class)

- FHlRYERD IR, BRICIEERIVE

« RE: HEEIL ChatGPT A BEVPHROERICE Y ZEA DI %
FIvITEIZRELNH B
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ChatGPT in Statistics & Data Science Education Closing Remarks

Teaching Workflow (7 4 —F >4 - 7—- 70—)

OO0#ED QOO
FORZT> —AD @ EH—>  FIESI>
EE>TY ChatGPT (FEvYZABC,..)

BE/—FO rhEYZAD BE/— IS IE&/h7FX ~
L S~ 1 E & BTER/ ER-RERI
#o7 I3 R \ EEoT
| |
Jﬁ 2D Jn AR AR
|
v v Ty Y
R @ ‘\ = : -: R @ - R
: : ChatGPT : : ChatGPT ChatGPT : : ChatGPT : :
- -- . - ——
AN AN -yl AN AF Hh
| \\ { J | )
l#&E/ — . TR/ — RIS =
DFEDE hEvIRDmE £SEETR P e
1EoTy A E> Ty -
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Programming Workflow (7’07 253XV 45 - 7—4-70—)

ry—x-3—F ry—x.J—F
20T [CIX> R %
FHHEL T ANnT
| |
AN AH
VY=2Z+3d—F aAXY MEE
DA V=2 ad—F
AR
A &=
AR
mmmhxﬁ*hn FNvIEINT
Y=Z-+3— Y=2Z+a=F
AR
l |
ry—x-3J—F r .
- Y—X - J—F
ZPythonic Z
BHL T EZ7r/NvI LT

36



ChatGPT in Statistics & Data Science Education Closing Remarks

A New Era of Learning: Considerations for ChatGPT as a Tool to Enhance
Statistics and Data Science Education

July 2023, Journal of Statistics and Data Science Education

Amanda Ellis & Emily Slade Univ. of Kentucky, Dept. of Biostatistics
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A New Era of Learning: Considerations for ChatGPT as a Tool to Enhance
Statistics and Data Science Education

July 2023, Journal of Statistics and Data Science Education

Amanda Ellis & Emily Slade Univ. of Kentucky, Dept. of Biostatistics

« 2023 F: ZLDHEBEY v —FIUIC ChatGPT DFRXHARRINTWS

o« TOHIE. BEL - T—I YA I VREBS v—FILICB T HD ARV
ChatGPT XD —D
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A New Era of Learning: Considerations for ChatGPT as a Tool to Enhance
Statistics and Data Science Education

July 2023, Journal of Statistics and Data Science Education

Amanda Ellis & Emily Slade Univ. of Kentucky, Dept. of Biostatistics

« 2023 F: ZLDHEBEY v —FIUIC ChatGPT DFRXHARRINTWS

o« TOHIE. BEL - T—I YA I VREBS v—FILICB T HD ARV
ChatGPT XD —D

BA ®<

. B % 3 DD AIEIERE > T, HAEEER L 7= (Google, Deepl, ChatGPT)
s TLEY - FuorvaO—R-YVInSTIER
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A New Era of Learning: Considerations for ChatGPT as a Tool to Enhance
Statistics and Data Science Education

July 2023, Journal of Statistics and Data Science Education

Amanda Ellis & Emily Slade Univ. of Kentucky, Dept. of Biostatistics

« 2023 F: ZLDHEBEY v —FIUIC ChatGPT DFRXHARRINTWS

o« TOHIE. BEL - T—I YA I VREBS v—FILICB T HD ARV
ChatGPT XD —D

BA ®<

. B % 3 DD AIEIERE > T, HAEEER L 7= (Google, Deepl, ChatGPT)
s TLEY - FuorvaO—R-YVInSTIER

« EEIZL B E, ChatGPT M ERXD OB, 2 DDEEA ER L 7
« EDEEEN ChatGPT IC& > THER SNz TE X ITH?
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Final Notes

L &5 hn

« KET®D ChatGPT OFEAMFIZ W DHMBN L7

e 2024 FE HBE - F—YH A T AHEEB Y v —FILIC ChatGPT I
BEdT2HLWMERANRERINETL LD
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Final Notes

L &5 hn

« KET®D ChatGPT OFEAMFIZ W DHMBN L7

e 2024 FE HBE - F—YH A T AHEEB Y v —FILIC ChatGPT I
BEdT2HLWMERANRERINETL LD

Th I Bh BA WA &3

s BENHOEIAEEAZM ROREICEENTS

L Y&d
s JLEVERSOyO—K- YUY
« https://bit.ly/RIKKYO-2024-GPT

« Email: jdoia@calpoly.edu
c BRBICHFREBETERLTLLEIVY, HAETORESLTRETT,
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